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Abstract

Kodaly hand signs are symbols that intuitively represent pitch and note names based on the shape and height of the hand. They
are an excellent tool that can be easily expressed using the human body, making them highly engaging for children who are new
to music. Traditional hand signs help beginners easily understand pitch and significantly aid in music learning and performance.
However, Kodaly hand signs have distinctive features, such as the ability to indicate key changes or chords using both hands and
to clearly represent accidentals. These features enable the effective use of Kodaly hand signs. In this paper, we aim to investigate
the changes in recognition rates according to the complexity of scales by creating a device for learning Kodaly hand signs, teaching
simple Do-Re-Mi scales, and then gradually increasing the complexity of the scales and teaching complex scales and children's
songs (such as "May Had A Little Lamb"). The learning device utilizes accelerometer and bending sensors. The accelerometer
detects the tilt of the hand, while the bending sensor detects the degree of bending in the fingers. The utilized accelerometer is a
6-axis accelerometer that can also measure angular velocity, ensuring accurate data collection. The learning and performance
evaluation of the Kodaly learning device were conducted using Python.

Keywords : Kodai hand symbol, Scale complexity, Recognition ratio, Artificial Intelligence, etc
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2.2. Gesture Recognition
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3.2. How to Collect and Learn Data
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3. Methods

3.1. Implementation of Kodai Learning Device

evaluatealgorithm(dataset, back propagation, n_folds, Lrate, n_epoch, n_hidden);

print(Scores: s’ %o scores);

print('Mean Accuracy: %.3(7

Figure 2: Data Collection Source Code (Pseudo code)
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Figure 1: Kodaly Learning Device
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