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Abstract

In order to keep infrastructures such as tunnels and underground facilities safe, cracks
of concrete lining in tunnel should be detected by regular inspections. Since regular
inspections are accomplished through manual efforts using maintenance lift vehicles,
it brings about traffic jam, exposes works to dangerous circumstances, and deteriorates
consistency of crack inspection data. This study aims to provide methodology to auto-
matically extract cracks from tunnel concrete lining images generated by the existing
tunnel image acquisition system. Specifically, we train a deep learning based semantic
segmentation model with open dataset, and evaluate its performance with the dataset
from the existing tunnel image acquisition system. In particular, we compare the model
performance in case of using all of a public dataset, subset of the public dataset which
are related to tunnel surfaces, and the tunnel-related subset with negative examples. As
a result, the model trained using the tunnel-related subset with negative examples
reached the best performance. In the future, we expect that this research can be used
for planning efficient model training strategy for crack detection.

Keywords: Deep learning, Crack detection, Semantic segmentation, Image proce-
ssing, Concrete lining
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Fig. 1. Overview of relevant-dataset selection and model training
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Fig. 3. Preprocessing procedure for images
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Table 1. Sub-datasets and their relevance to the Big Eye imagery

Name of sub-dataset Relevance Remarks
CFD v Background is concrete surface
cracktree v Background is concrete surface
Eugen Muller 4 Background is concrete surface
Sylvie Chambon v Background is concrete surface
Forest v Background is concrete surface
Rissbilder v Background is concrete surface
Volker v Background is concrete surface
DeepCrack A Some of images are relevant, the others are not
Crack500 X Background is asphalt surface
GAPS384 X Background is asphalt surface, contains lane paining
noncrack A Background is. concrete surface or tile, and we expect that negative
examples can improver model performance
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Table 2. Re-organized Kaggle dataset

Re-organized dataset Sub-datasets Number of images
Kaggle-original All 11,298

CFD, cracktree, Eugen Muller, Sylvie Chambon, Forest,
Rissbilder, Volker, DeepCrack
CFD, cracktree, Eugen Muller, Sylvie Chambon, Forest,
Rissbilder, Volker, DeepCrack, noncrack

Kaggle-relevant 5,898

Kaggle-relevant-noncrack 7,309
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Fig. 4. Examples of pre-processed images
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Sh5 PSPNet2 71 Bl 4 F15 A|2H010] tlo|EAlE o]-85te] Bt A} Table 37} 22> H7H 4
T D 5 USIEE Test mloU+= 72 HoTEAlOA Bl Q1= 21 noncrack-2 ATEIste] S3A1 2 w7t 7+
ZEskon, I Qe AT Qe ioh MRS SEAIRS b7t 11 FE St oks e HEE Z1E EHE

AF HE A 2= o] Hlo]EAlS AA| 23t Avk=Fig, 521 2. 712 dlo]elAlofl A 3 Q1= A} noncrackS

SAIZ] % R WA A VY SR A S18H 4 Sl

Table 3. Training and test mloU of the trained PSPNet

Dataset used for training Training mloU (%, Kaggle) Test mloU (%, Big Eye)
Kaggle-original 79.64 50.82
Kaggle-relevant 78.30 55.44
Kaggle-relevant-noncrack 78.03 63.60

Fig. 5. Crack detection results of PSPNet. (a) is the results of PSPNet trained with Kaggle-original, (b) is Kaggle-
relevant, and (c) is Kaggle-relevant-noncrack, respectively.
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