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Abstract As the machine learning research has developed, the field of translation and image analysis
such as optical character recognition has made great progress. However, video translation that
combines these two is slower than previous developments. In this paper, we develop an image translator
that combines existing OCR technology and translation technology and verify its effectiveness. Before
developing, we presented what functions are needed to implement this system and how to implement
them, and then tested their performance. With the application program developed through this paper,
users can access translation more conveniently, and also can contribute to ensuring the convenience

provided in any environment.
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(Table 1) Google Vision API Feature

Feature Description

Optical Detect and extract text within an image, with support
Character  |for a broad range of languages, along with support for
Recognition |automatic language identification

Image Detect general attributes of the image, such as
Attributes  [dominant colors and appropriate crop hints

Detect multiple faces within an image, along with the
Face Detection|associated key facial attributes like emotional state or
wearing head wear

Logo Detection|Detect popular product logos within an image

Label Detect broad sets of categories within an image,
Detection  [ranging from modes of transportation to animals
CE:E‘ls:t Detect explicit content like adult content or violent

; content within an image
Detection
Landmark  |Detect popular natural and man-made structures
Detection  |within an image

Web_ Search the internet for similar images
Detection

B tEAQl Aol A2
olgtar & 4 =, AW (Neural
Networks) 7[5t 7]A#%(Neural Machine Translation,
NMT)Z shto] 44T & WY Hdo] =1l g5
Hrk= SHolA 7|& ofg] g0 74§t 7|4 ML) ok
€ WS AAIBEL HH8,9,101. URHH o= NMT
= AFH(Encodern)?t H3H(Decoder)® ==t
tolE2 TAE YHERES AFH7} HEFo] 2d
Skal, o]F HAH7}F tA &Y 2749 dolsE shtA
+AH 07 ThEo] Y ZAoR ¥ IFgo] XgPHTh
ol2fgt I AFHQl 7|ANY AAFo] HolES 4
E(Symbols) oA AF thF= AT AR

NMT 22 o A7 F+2& ARESR= End-to-end
WA0] A W =R, o, HAE Q3R o
& Ao wg} AFso] oy, F & HE o9 £
Wollxliz 29 mjelo] o|Fofx AIE9] ou|d, FAM

=



PHES 37 ot AL &l & 4 ek, 7L 9 A
Mo Holk BAHORE o, RA gt
3 o] AY oF, TUag EHo| W,
Holdh AEgolo] BUX|, TGS 05 Fo

30, ©
&

2.3 OCR 2%l

OCRCEEZARRIA]) Eokz 235t BA SIA A+
7} Aol Holza ABBYYY TextGrabberd
Googled] Cloud Vision AP t#ZQl A& & 5
It Google Cloud Vision APIE= Sk5H 717 Sk
HalS ARl omf|9] W8S wetstal ofu]A] ke
N AAE DAL QI E TolE Folg= 5 oy
A Aol | o]¥dES Zal 3= OCR Aot}
[12,13,14,15].

3. M2t A|AH X

ARk A|ATE 27 P Gl ¥ Qdoig AA

3 3 ofnlA|2 A4 T 3, ofnlx] Xe] 34, 94| B

a8l e A4S AR nie 29 FAow o)

Am, 2171e) A4S Fo) HeHow Ushs el
z e

oA €t [Fig. 1] < ARt

L o

[©)

f
rE

ol
rr

]_

| Spceify original translation arca |

3

| Tt Tmage |

3

[ e

1

| Recogaition |

1

| Transiation |

3

| utput |

[Fig. 1] Flowchart of the proposed system
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[Fig. 2] System Architecture
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(Table 2) Boundary Extraction Process
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(Table 3) System Evaluation

Evaluation item Existing system Suggestion system

Character recognition middle height
rate

Translation rate middle height

Output speed 057 1s 172s

Output method Other area Original area
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