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Abstract The fundamental basis of Al technology is learningable data. Recently, the types and amounts
of data collected and produced by the government or private companies are increasing exponentially,
however, verified data that can be used for actual machine learning has not yet led to it. This study
discusses the conditions that data actually can be used for machine learning should meet, and identifies
factors that degrade data quality through case studies. To this end, two representative cases of
developing a prediction model using public big data was selected, and data for actual problem solving
was collected from the public data portal. Through this, there is a difference from the results of
applying valid data screening criteria and post-processing. The ultimate purpose of this study is to
argue the importance of data quality management that must be most fundamentally preceded before the
development of machine learning technology, which is the core of artificial intelligence, and

accumulating valid data.
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a. High-density big data

b. Low-density small-volume data

¢. High—density small-volume data

Fig. 1. Density of Data (ex, X: timeline, Y: Temperatures of Air)
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(Table 1) Case 1: Transportation Domain Public

Data
Data
# of items
domain Information
Highway Route Data 45,954
Location
Elevation Data of Highway Route 1068
Highway Pavement Data 53,846
Road Grooving Data 2,295
Snow Damage Vulnerable Section 3
of Highway
VDS |Installation Data 6,303
VDS Traffic Data 11,680,000
Traffic
VMS Installation Data 1,470
VMS Message Data 500,000
Monthly Weather Data 57,381
Weather
VDS Weather Data 226,279
Total Original Collected Data 12,574,630

Used data for Machine Learning

after Validation 604,000 (4.80%)

(Table 2) Case 2: SmartFarm Domain Public Data

Data .
domain Information # of ftams
8 special cities, 9 provinces 11,987,461
synoptic weather 12,294,903
Hourly 11,059,877
Agricultural Extreme_Time 23,559,880
Weather | Meteorology_time unit 7,412,461
Daily 472,980
Extreme_day unit 472,979
Synopsis Weather_Daily 307,819
ot Tost|Too Relationship 2900847
Soil Test_Chemical Analysis 2,834,354
Convergence_Pest 2,435,277
Pest Pests_Investigation Point 8,567
Pest_Inquiry 3,341,286
Pesticide  |Pesticide information 39,983
Crop crop information 2,658
Total Original Collected Data 79,131,232
Used data for Machine Learning 3,746,403
after Validation (4.73%)
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Fig. 2. The Effect of Valid data Discrimination
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