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Abstract Recently, various types of wearable computers have been studied. In this paper, we analyze the
characteristics of head motion information for the operation of the motion classifier produced motion headset
that the user can use while listening to music. The prototype receives music from smart phone over bluetooth
communications, and transmits the motion information measured by the acceleration sensor to the smart phone.
And the smartphone classifies the motion of the head through a motion classifier. we implemented a prototype
for our experiment. The user's head motion “up”, “down”, “left” and “right” were classified using a Bayesian
classifier. As a result, in case of the movement of the head “up” and “down”, there are a large changes in
the x, z-axis values. In future we have a plan to perform a user study to find suitable variables for creating

motion classifier.

Key Words : motion headset, wearable computer, motion classification
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[Fig. 1] Design of motion headset system
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[Fig. 3] Data format of motion data
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[Fig. 4] Procedure of motion classification
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[Fig. 5] Acceleration values of four—types of head motion
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