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Automaitc Generation of Fashion Image Dataset by Using
Progressive Growing GAN
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Abstract Techniques for generating new sample data from higher dimensional data such as images have been
utilized variously for speech synthesis, image conversion and image restoration. This paper adopts Progressive
Growing of Generative Adversarial Networks(PG-GANs) as an implementation model to generate
high-resolution images and to enhance variation of the generated images, and applied it to fashion image data.
PG-GANSs allows the generator and discriminator to progressively learn at the same time, continuously adding
new layers from low-resolution images to result high-resolution images. We also proposed a Mini-batch
Discrimination method to increase the diversity of generated data, and proposed a Sliced Wasserstein
Distance(SWD) evaluation method instead of the existing MS-SSIM to evaluate the GAN model.

Key Words : Deep Learning, Image, Generative Model, Fashion Technology, Generative Adversarial Networks
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[Fig. 1] Model structure of the Progressive Growing of
GANs
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[Fig. 2] Transition of the Generator’s and the
Discriminator’s layers
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[Fig. 3] Example of 512 x 512 men’s clothing—tops
images
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[Fig. 4] Fake images generated through the model
training
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[Table, 1] Evaluation results of the model trained using
the men’s clothing—tops image dataset
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